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Abstract—This paper proposes a new approach to recognize
human postures in realtime video sequences. The algorithm
employs temporal difference imaging between video sequences
as input and then decompose the contour of the active object
into vectorial line segments. A scheme based on simplified
Line Segment Hausdorff Distance combined with projection
histograms is proposed to achieve size and position invariance
recognition. Consistent with the hierarchical model of the human
visual system, sub-sampling techniques are used to represent
the object by line segments at multiple resolution levels. The
whole classification is described as a coarse to fine procedure.
An average realtime recognition rate of 88% is achieved in the
experiment. Compared to conventional convolution method, the
proposed algorithm reduces the computation cycles by 10 − 100
times. This work sets the foundation for size and position
invariant object recognition for the implementation of event-
based vision systems

I. INTRODUCTION
Human posture recognition is gaining increasing attention

due to its promising application in the area of personal
health care, environmental awareness, intelligent visual human
machine interface (such as video game systems and human-
robot interaction), to name a few. Based on commercially
available image sensors and powerful personal computers,
impressive research work has been reported for a variety of
applications. Works on human gait recognition [1], standing
posture recognition with different arm poses [2] and dynamic
gesture such as sign language recognition [3] were presented.
In general, those approaches first detect moving objects by
the analysis of video stream, then extract human silhouettes
using background subtraction technique [4][5]. Blob metrics
are represented into multiple appearance models [6] and
finally posture profiling is conducted based on frame-by-frame
posture classification algorithms. Due to the complexity, these
algorithms are implemented on powerful computers, even
when recognizing only a small subset of human body postures,
such as standing, bending, sitting and lying [7]. This will limit
the use of these algorithms in real life applications. On the
other hand, small and lightweight wireless platforms, such as
ultra-mobile PCs or smart cellular phones, are becoming an
ubiquitous computation platform. Unfortunately, these devices
are still unable to perform power and computation hungry
object recognition tasks. In fact, there is a growing gap
between the latest computer-based vision algorithms and what
is actually implementable in low-complexity hardware.
In addition to the complexity of the above mentioned

algorithms, conventional frame based image sensors employed
in these systems also lower the energy efficiency. Indeed, the

output of conventional image sensors, as a matrix of pixel
color values, contain a very high level of redundancy. Large
amounts of unimportant data have to be read and processed
before obtaining the features of interest [8]. As a matter of
fact, the first step of many computer vision algorithms is to
remove the background and extract object edges or motion
contours [1][9].
In this paper, we present an energy-efficient algorithms for

posture recognition. Combined with bio-inspired event-based
temporal difference image sensor, which removes the back-
ground information without any post processing, the algorithm
is able to recognize objects independently of their size and
position in the image. The algorithm first stores the address
events from a moving object then decompose the contour
into vectorial line segments. A hierarchical Hausdorff distance
scheme is then employed to measure the similarity of the
input line segments with those of a set of library objects.
Size and position invariance is achieved by using projection
histograms. The proposed approach is innovative due to its
high data-encoding efficiency, large saving in computation
complexity as well as in its novel way to achieve size and
position invariance. The rest of the paper is organized as
follows: Section II introduces the system overview. Section
III describes the proposed edge feature extraction scheme and
the size and position invariant recognition algorithm. Section
VI discusses the computation complexity. Section V reports
the realtime experimental results. Section VI concludes this
paper.

II. SYSTEM OVERVIEW

The architecture of the proposed system is illustrated in
Fig.1. It includes an image sensor working at temporal dif-
ference mode (MotoTrigger [10]), a hierarchical edge feature
extraction unit and a classifier with a set of library postures.
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Fig. 1. Block diagram of the system
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The temporal difference image sensor compares two con-
tinuous image frames and only outputs addresses of those
pixels with illumination variance larger than certain threshold.
If the scene illumination and object reflectance are constant
then the changes in scene reflectance only result from object
or viewer movement. Therefore the background information
is naturally filtered since the received pixels only come from
the active object of interest. This shows great computational
efficiency as compared to conventional image sensors used
in other systems [1][9]. With the address of the events, an
edge feature extraction unit will reorganize the contour of
the objects into vectorial line segments. The extracted line
segments are fed to a modified Hausdorff distance scheme to
measure the similarity of the input line segments with those
of a set of library objects. The proposed classifier is able to
perform size and position invariance recognition.

III. SIZE AND POSITION INVARIANT RECOGNITION
ALGORITHM

The proposed recognition algorithm works in two phases.
First the received address events are stored in memory and
line segments extraction is performed. Size and position in-
formation of the object is also derived in this stage. Inspired
by the pioneering work in the modeling of the human visual
system [11], which involves tuning and selection of maximal
responses at different topological scales, we perform edge
extraction at 3 resolution levels. Second, the coordinates of
the staring point and ending point of the line segments are
sent to the recognition engine for classification.

A. Hierarchical Body shape extraction
The body shape extraction is achieved in three different

stages. First a binary image is built where a “1” is set by
decoding the address of the received spike from the image
sensor. After that, the image is scanned at four directions,
namely horizontal, vertical, 45o and 135o. A line segment
can be identified by looking at the output of the scanner. For
instance, a transition from “0” to “1” denotes a starting point
of a line segment while a transition from “1” to “0” indicates
an ending point. However, to suppress the internal lines in a
thick object, as shown in Fig.2(a), special extraction rule is
required. We propose to filter the redundant lines by a special
extraction rule as the following statement, “Ignore a line if
both its starting point and ending point are included in another
line”. Fig.2 shows the extraction result of a set complicated
artificial objects and a human posture. One can notice that,
high encoding efficiency is obtained by representing complex
objects by limited pairs of dots.
At the third stage, as shown in Fig.1, 2 rounds of sub-

sampling are performed on the binary image, each followed
by a new scanning procedure. Interestingly, the sub-sampling
is implemented by changing the scanner’s incremental value
instead of physically manipulating the memory content. For
instance, to sub-sampling by a factor of two, each time, the
column and row address counter just needs to increase by “2”.
By doing sub-sampling, the object is described as a coarse to

(a) (b) (c) (d)
Fig. 2. Edge feature extraction examples for a set of artificial objects and a
human posture. (a) and (c) are original images to be extracted. (b) and (d) are
reconstructed image using extracted line segments. Each line’s two terminals
are highlighted by black dots while the internal pixels are in grey color.

fine representation and thus the complexity of the recognition
algorithm can be greatly reduced.

B. Simplified Line Segment Hausdorff Distance
In computer vision, a large number of object recognition

algorithms were reported based on Line Segment Hausdorff
Distance [12]. For use in our application, we propose the
distance of two line segments, as shown in Fig.3, from Line
A to Line B, defined as below:

D(A → B) = Pθ × (d//1 + d//2 + LAd⊥) (1)

Where Pθ is an intersection angle penalty coefficient, d//1

and d//2 is the parallel distance between the two lines’
terminals, LA is the length of line A, d⊥ is the perpendicular
distance.

d
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Fig. 3. Displacement measurement of two line segments

Our definition differs with that described in [12], where
the parallel distance of two lines is considered to be zero if
one line is within the vicinity of the other. That definition
improves the matching efficiency for broken lines due to
segmentation errors. However, it also causes misjudgements in
our application where one posture is part of another distinct
one. We take into account the parallel displacements at both
terminals, but only weighting the perpendicular distance by
the length of the line.
The intersection penalty coefficient also plays an important

role. We give it a value of 1 for two lines in parallel and
∞ for two lines in perpendicular. For two lines intersecting
at a angle of 45o or 135o, we investigated the effect of this
coefficient to the distance measurement of postures by Matlab
simulation. As shown in Fig. 4, one can see that the selectivity
increases with the coefficient until saturated at certain point,
which implies an optimal value.

C. Size and position invariance recognition
Usually two objects needs to be aligned before comparing

their distance. As witnessed in face recognition, two face
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Fig. 4. Distance measurement of several postures under different 45o
intersection distance penalty. (a) and (b) belongs to the same type of posture
and their distance is used to normalize the distance of (a)and (c), (a) and (d).

images are aligned based on the location of the eyes [12]. To
achieve this for human postures or even generic objects, we
propose to align two objects using their center position. In the
line segment extraction unit, we build both row and column
histogram counters. Each time a pixel’s address is received,
by decoding its row and column address, the corresponding
counter will increase by one.
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Fig. 5. The Projection Histograms of a posture. (b) and (c) shows the row
and column Projection Histogram, respectively. (d) shows the size and center
information of another two postures.

As depicted in Fig.5, the row and column histogram can
directly reflect the position of an object. We define the mean
value of the histogram as a threshold, to remove the effects of
noise. The first row address x1 and the last row address x2
where histogram value exceeds the threshold can be obtained
and their center is considered as the row center of the object.
Column center can be obtained using the same technique.

Interestingly, projection histograms not only provides position
information, it also reports the size of the object. We propose
to estimate the horizontal size of the object by the distance be-
tween x1 and x2. For the example posture shown in Fig.5(d),
the cross shows the center and “X-Y” size information found
using the above technique.
With the center and size information, both position and size

invariant recognition can be achieved. This is done by first
aligning the center of the input object and dictionary object
and followed by a resizing operation to make them have the
same size. This operation only involves a subtraction and a
multiplication operation applied to the coordinates of the input
line segments.

IV. IMPLEMENTATION COMPLEXITY ANALYSIS
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Fig. 6. Computation saving using our proposed algorithm compared to
conventional convolution method. It assumes that the latter method has already
achieved size and position invariance, which needs additional computations.
Even this, our method shows a reduction up to 100 times of operation cycle.

Compared to the standard approach, the proposed algorithm
achieves great computational saving, resulting from several
novel techniques. First, the object of interest is directly ob-
tained from the output of temporal difference image sensor
without any additional processing. Secondly, the contour of the
object is decomposed into limited number of line segments.
In fact, each line segments distance calculation involves only
3 multiplication and 2 summation operations. Finally the use
of hierarchically coarse to fine classification scheme further
reduces the number of dictionary candidates. Fig.6 shows
the calculated operation reduction factor when our algorithm
is compared to standard object-recognition approaches used
in computer vision. Even for small imaging size we can
reduce the computation by 10 − 100× when compared to
classic convolution techniques. And this a conservative number
because it assumes that size and position invariance is already
computed by some other means, while they are an integral
part of our approach.
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Posture Group Postures Library Success Rate

bend 192/200=96%

raise-1-hand 152/200=76%

raise-2-hand 189/200=94%

squat 178/200=89%

stand 190/200=95%

swing hand 166/200=83%

Fig. 7. Six groups of postures used for experiment. For each group, 6 postures are used as library units while a larger set are used as test entries. It can be
noticed that, our algorithm can successfully distinguish quite similar postures, such as “raise-1-hand” and “swinghand”. Due to the limitation of operational
environment, we did not try experiment on “lying down” postures.

V. EXPERIMENTAL RESULTS

The proposed algorithm is implemented to perform realtime
posture recognition. The dictionary are some postures available
in laboratory environment, namely “bending”, “standing”, etc,
as shown in Fig.7. To evaluate the exact figures of successful
recognition, we take a large set of snap shots of postures
and put several of them (6 for each group of postures) as
dictionary objects and the rests are used as test data. As shown
in the rightmost column in Fig.7, good accuracy up to 97%
is achieved. We can even distinguish between quite similar
postures, for example, “raise-1-hand” and “swing hand”. The
standing postures show a relative low recognition rate. This
is explained by the fact that these postures sometimes appear
as a part of another posture, on which our definition of line
segment distance (Eq.1) is to address.

VI. CONCLUSION

This paper reports a size and position invariant human
posture recognition algorithm. The image is first acquired
using an address event temporal difference image sensor and
followed by a bio-inspired hierarchical line segment extraction
unit. A simplified line segment Hausdorff distance scheme
is employed for similarity measurement while size and po-
sition invariance is achieved by deriving size and position
information from Projection Histograms. The proposed algo-
rithm achieves 88% average recognition rate while features
10−100× computational saving as compared to conventional
approach.

VII. ACKNOWLEDGEMENTS
This project was funded in part by NSF award 0622133.

REFERENCES
[1] Han Su and Feng-Gang Huang, “Human gait recognition based on

motion analysis,” 2005 International Conference on Machine Learning
and Cybernetics, Aug. 2005, vol. 7, pp. 4464-468.

[2] Boulay B., et al., “Posture recognition with a 3D human model,” The IEE
International Symposium on Imaging for Crime Detection and Prevention,
Jun. 2005, pp.135-138.

[3] Isaacs J. and Foo S., “Hand pose estimation for American sign language
recognition,” 36th Southeastern Symposium on System Theory, 2004, pp.
132-136.

[4] Takahashi K., et al.,, “Remarks on Real-Time Human Posture Estima-
tion from Silhouette Image Using Neural Network,” IEEE International
Conference on Systems, Man and Cybernetics, Oct. 2004, pp. 370-375.

[5] E. H-Jaraha, et al., “Detected motion classification with a double-
background and a Neighborhood-based difference,” Pattern Recognition
Letters, 2003, Vol. 24, pp. 2079-2092.

[6] L.H.W. Aloysius, et al., “Human posture recognition in video sequence
using Pseudo 2-D Hidden Markov Models,” 8th Control, Automation,
Robotics and Vision Conference, 2004, Dec. 2004, pp. 712-716.

[7] Spagnolo P., et al., “Posture estimation in visual surveillance of archae-
ological sites,” IEEE Conference on Advanced Video and Signal Based
Surveillance, Jul. 2003, pp. 277-283.

[8] E. Culurciello and A. Savvides, “Address-Event Image Sensor Net-
work,ISCAS 2006, 21-24 May 2006, pp. 955-958.

[9] Triesch J. and von der Malsburg C.,“A system for person-independent
hand posture recognition against complex backgrounds,” IEEE IEEE
TPAMI, Vol. 23, Dec. 2001, pp. 1449-1453.

[10] Z.M. Fu, E. Culurciello, “A 1.2mW CMOS Temporal-Difference Image
Sensor for Sensor Networks,” ISCAS 2008, May 2008, pp. 1064-1067.

[11] Thomas Serre, “Learning a Dictionary of Shape-Components in Visual
Cortex: Comparison with Neurons, Humans and Machines,” Ph.D Thesis
of Brain and Cognitive Sciences Department, MIT, April, 2006.

[12] Yongsheng Gao and Leung M.K.H., “Face recognition using line edge
map,” IEEE TPAMI, Jun. 2002, pp. 764-779.

4



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Arial-Black
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /ComicSansMS
    /ComicSansMS-Bold
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FranklinGothic-Medium
    /FranklinGothic-MediumItalic
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Gautami
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /Impact
    /Kartika
    /Latha
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaConsole
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSansUnicode
    /Mangal-Regular
    /MicrosoftSansSerif
    /MonotypeCorsiva
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /MVBoli
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Raavi
    /Shruti
    /Sylfaen
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /Vrinda
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Recommended"  settings for PDF Specification 4.01)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


